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Benchmark - CPU vs. DSA
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Benchmark - Interference between DSA and CPU
Data-Intensive CPU Threads (Vectorized, AVX-512)
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Benchmark - Interference between DSA and CPU
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Benchmark - Interference between DSA and CPU
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Benchmark - Interference between DSA and CPU
Data-Intensive CPU Threads on HBM
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Benchmark - Interference between DSA and CPU
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Benchmark - Interference between DSA and CPU
Data-Intensive CPU Threads on HBM
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Benchmark - Inter-Socket Data Transfer with DSA
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Benchmark - Inter-Socket Data Transfer with DSA
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Benchmark - Inter-Socket Data Transfer with DSA
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Benchmark - Inter-Socket Data Transfer with DSA
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Benchmark - Inter-Socket Data Transfer with DSA
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Benchmark - Inter-Socket Data Transfer with DSA
-2-42 GiB/s -1—58 GiB/s
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On-the-fly Data Distribution

Andre Berthold, Lennart Schmidt, Anton Obersteiner, Dirk Habich, Wolfgang Lehner, Horst Schirmeier.
2024. On-The-Fly Data Distribution to Accelerate Query Processing in Heterogeneous Memory Systems.
In 28th European Conference on Advances in Databases and Information Systems (ADBIS "24).

Springer Nature Switzerland, Cham, 170-183.
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On-the-fly Data Distribution
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Filter a > Filter b > Sum b
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On-the-fly Data Distribution
Baseline Execution Time
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On-the-fly Data Distribution
Baseline Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized Execution Time
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On-the-fly Data Distribution
Optimized using DSA
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On-the-fly Data Distribution
Optimized using DSA
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On-the-fly Data Distribution
Optimized using DSA
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On-the-fly Data Distribution with DSA - Benchmark
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On-the-fly Data Distribution with DSA - Benchmark
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On-the-fly Data Distribution with DSA - Benchmark
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Summary

DSA allows memory operation offloading ...
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Summary

DSA allows memory operation offloading ...
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compared to one CPU.
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Summary

DSA allows memory operation offloading ...
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Summary

DSA allows memory operation offloading ...
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